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Spatial variability problem?
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How to remove uncertaintiesin comparisons?
Spatial average or temporal aver age?
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Low surface variability

Mongolia

Moderate surface variability




High surface variability
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Evaluate model skills for various regions
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Evaluate model skills for various processes

Process studies
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Summary

» The spatial scale represented by in-situ

observationsis different for each variable and
Increases with surface heterogeneity.

» Reasonable comparisons between model output
and observations require temporal average. The
time scale for the averaging should depend on the
gpatial variability of variables.

» For comprehensive evaluation of model

performance, various comparisons should be

carried out for major processes in various climatic

regions.




OQutline

«Spatial scales represented by in-situ data

« Time-scale for averaging

*Region selection

*Process evaluation

Spatial scales represented by in-situ data
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